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Developing Personalized Complex Word Identifier that Depends Only on Colaboratory for Educational Purposes
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Abstract : Google Colaboratory is a Web-based Jupyter Notebook hosting service. At the time of the submission

of this paper, it meets many requirements for educational purposes: it is openly available and requires only

the Chrome web browser and availability of an Internet connection. This paper describes how to build a

personalized complex word identifier only by using Colaboratory for educational purposes, especially for

classroom education.
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Iwget -0 coca_wl.txt "https:/fwww.dropbox.con/s/Bowrzc5¥yTushll fooca wl bt 7d1=0"

coca_fdl = [(line.strip().split (3011, int{line.strip().split (L0100 far line in open(’coca_wl.txt’, r'r" )]

impart nltk

from nltk import FreaDist
coca_fd=FreaDist (dict (coca_fdl))
coca_pd=nltk.LaplaceProbDist (coca_fd)

1: COCA I — /S ZADEEBSAH.

#British National CorpusDEGESHEREHF D 00-F4 5
'wgat -0 bne_freadist.pickle “https://www.dropboy.con/s/lcvyfakZezlalksbne_freadist .pickle?d|=0"

2: BNC I — /8 ZADEEHA A,

lwget http:/f/voehara.con/download/233/7uid=F8af864d3a -0 ehara?01Bdataset.zip

--2020-02-28 07:49:43-- http:/Svoehara.con/down|oad/293/7uid=5%af 854d3a
Resalving yoehara.com (voehara.com)... 58.106.27.175
Connecting to voehara.com (voehara.com)|58.106.27.175]:80. ..
HTTP reguest sent, awaiting response... 200 OK

Length: 6344 (B.2K] [application/zip]

Saving to:  ‘eharaZll8dataset.zip’

connected.

ehara?01Bdataset .zi 100K[========zz=z=======:] B.Z0K 39.2KB/s in 0.2s

2020-02-28 07:49:45 (39.2 KB/s) - ‘eharafllBdalasel.zip® saved [6344/6344]
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import csy

import codecs

WSTres_raw = {}

with codecs.open ("EVED_| recZ018.csv”,
reader = csv.reader (f)

v, Tutf-87, Tignore’) as f:

far j,raw in enumerate (reader):
if j==0:
cont inue
YeTres_raw[j-1] = [1 + row[5:105]
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HBEE T2 FOIERE D 7 1 JLEPIF TLAMBE S N T LD THMAAL
Iwget https:/fwun.victoria.ac.nz/lals/ahout /staff/publicat ions/paul -nat ion/NST-version-# answers.pdf
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ERL7zY — A3 —RIEER D 1233 URL 225 AF
ARETH B.

def get wordfeat (lemmal):
return [- bne_pd. logerob(lennal, - coca_pd.logprob(lenna)]
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for learnerid in learnerids:
wordfeats_train = wk_feats([YSTwords[wordid] for wordid in trainvordids])
learnerfeat train = np.repeat (nk_learnerfeat (naxlearner, learnerid)[np.nevaxis,:], len(trainwordids),axis=0)
¥_trains.append ( np.hstack((learnerfeat_train,wordfeats_train)))
y_trains.append ( ne.array (VSTres[learnerid],dtyeesne. int][trainvardids])

wordfeats_test = mk_feats([¥STwords[vordid] for wordid in testwordids])

learnerfeat _test = np.repeat (nk_learnerfeat (naxlearner, learnerid)[np.nevaxis,:1, len(testvardids),axis=0)
#_tests.append( np-hstack ({learnerfeat test,vordfeats_test)))

y_tests.append( np.array (YSTres[learnerid],divpe=ne. int) [testwordids])

7: AT — & - FANT— X 5E].

clf = GridSearchCV(LogisticRezression(),
paran_grid={'C":np.logspace(-1,1,5)1,
cv=10
)
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